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Neuroimaging studies have demonstrated that altered activity in somatosensory and
motor cortices play a key role in pain chronification. Neurofeedback training of
sensorimotor rhythm (SMR) is a tool which allow individuals to self-modulate their brain
activity and to produce significant changes over somatomotor brain areas. Several
studies have further shown that neurofeedback training may reduce pain and other
pain-related symptoms in chronic pain patients. The goal of the present study was to
analyze changes in SMR power and brain functional connectivity of the somatosensory
and motor cortices elicited by neurofeedback task designed to both synchronize and
desynchronize the SMR power over motor and somatosensory areas in fibromyalgia
patients. Seventeen patients were randomly assigned to the SMR training (n = 9) or
to a sham protocol (n = 8). All participants were trained during 6 sessions, and fMRI
and EEG power elicited by synchronization and desynchronization trials were analyzed.
In the SMR training group, four patients achieved the objective of SMR modulation in
more than 70% of the trials from the second training session (good responders), while
five patients performed the task at the chance level (bad responders). Good responders
to the neurofeedback training significantly reduced pain and increased both SMR power
modulation and functional connectivity of motor and somatosensory related areas during
the last neurofeedback training session, whereas no changes in brain activity or pain
were observed in bad responders or participants in the sham group. In addition, we
observed that good responders were characterized by reduced impact of fibromyalgia
and pain symptoms, as well as by increased levels of health-related quality of life during
the pre-training sessions. In summary, the present study revealed that neurofeedback
training of SMR elicited significant brain changes in somatomotor areas leading to a
significant reduction of pain in fibromyalgia patients. In this sense, our research provide
evidence that neurofeedback training is a promising tool for a better understanding of
brain mechanisms involved in pain chronification.
Keywords: fibromyalgia, neurofeedback, sensorimotor rhythm, fMRI, functional connectivity, somatosensory
cortex, motor cortex
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INTRODUCTION
Fibromyalgia (FM) is a chronic pain syndrome characterized
by generalized and enhanced pain sensitivity, as well as by
fatigue, morning stiffness, sleep disturbance, affective and
cognitive dysfunctions, and a generalized hypersensitivity to pain
stimulation (Wolfe et al., 1990, 1995). Its prevalence ranges from
3 to 10% in the general adult population and is more frequent
in women than men (Wolfe et al., 2013; Clauw et al., 2018).
Although the underlying etiology of FM still remains unclear,
several studies have showed altered brain activation in areas of the
so called pain network involved in the emotional and cognitive
processing of pain (Gracely, 2004; Burgmer et al., 2009, 2010).
Functional magnetic resonance imaging (fMRI) studies have
further reported that resting-state functional connectivity of the
anterior cingulate cortex (ACC), basal ganglia insula, thalamus,
amygdala, medial prefrontal cortex and somatosensory and
motor cortices were increased in patients with FM as compared
with healthy controls (Cifre et al., 2012; Flodin et al., 2014;
Ichesco et al., 2014), reflecting an abnormal hyperexcitability
of the central nervous system (Desmeules et al., 2003). In
this regard, altered somatosensory and motor cortex activity
has been proposed to play a central role in the experience of
pain and its chronification (Harris, 1999; Pujol et al., 2014;
González-Roldán et al., 2016; Lim et al., 2016; Don et al., 2019).
Furthermore, primary motor cortex activity has been suggested
to be a major modulator of pain processing (Castillo Saavedra
et al., 2014), while primary somatosensory cortex is highly
involved in the localization and discrimination of pain experience
(Diers, 2019).
EEG neurofeedback is a technique based on learning to self-
regulate several parameters of cortical activity such as amplitude,
frequency and/or coherence of EEG signal (Gruzelier, 2014).
During neurofeedback training, individuals learn to modify their
own brain activity by receiving visual or acoustic information
about these EEG parameters (Enriquez-Geppert et al., 2017).
Neurofeedback has been widely used successfully in chronic
pain syndromes, showing potential benefits to reduce pain,
anxiety and depression in these patients (Mueller et al., 2001;
Kravitz et al., 2006; Kayıran et al., 2010; Nelson et al., 2010;
Caro and Winter, 2011). In this sense, it has been highlighted
that the efficacy of the treatment could be related to the
decrease and/or the increase of somatosensory and motor
activity associated with the processing of nociceptive information
(Jensen et al., 2008, 2014). Sensorimotor rhythm (SMR) refers to
oscillations between 12 and 15 Hz recorded over somatosensory
and motor areas (Pfurtscheller and Lopes da Silva, 1999;
Budzynski, 2009; Gruzelier, 2014). Studies about SMR-based
neurofeedback training in chronic pain patients have shown
significant short-term improvements in pain relief, and other
non-pain associated symptoms in patients with complex regional
pain syndrome (Jensen et al., 2007), chronic low back pain
(Mayaud et al., 2019) and chronic spinal cord injury (Vucˇkovic´
et al., 2019). Furthermore, SMR-based neurofeedback training
has provided evidence that it is able to reduce pain and fatigue
symptoms in patients with fibromyalgia (Kayıran et al., 2010;
Caro and Winter, 2011).
Although several studies have demonstrated that
neurofeedback training was able to reduce pain-related
symptoms, little is known about the functional changes
that the SMR-based neurofeedback training is eliciting in
EEG activity and brain connectivity. In this sense, increased
resting-state functional connectivity in several pain areas
such as ACC (Ros et al., 2013), insula (Kluetsch et al.,
2014) or the amygdala (Nicholson et al., 2016) have been
reported after neurofeedback training of the alpha EEG.
In addition, a significant enhancement of resting-state
functional connectivity of somatosensory and motor cortices
has been demonstrated after neurofeedback training of SMR
in patients with stroke (Várkuti et al., 2013; Young et al.,
2014; Mohanty et al., 2018) and in healthy participants
(Terrasa et al., 2019). Although all these findings support
the notion that neurofeedback training can produce relevant
changes in clinical symptoms and brain activity, little is known
about the neurophysiological processes involved during brain
self-regulation training.
The primary goal of the present study was to analyze
changes in SMR activity and brain functional connectivity
of the somatosensory and motor cortices in response to
neurofeedback training of the SMR in FM patients. For
this purpose, a training protocol based on learning to
synchronize and desynchronize the SMR power over motor
and somatosensory areas was applied during six sessions, and
brain changes produced when performing the neurofeedback
task were examined. Our hypothesis was that those FM
participants achieving a successful self-regulation of the SMR
would show increased synchronization and desynchronization
modulation of SMR power, enhanced somatomotor functional
connectivity and reduced pain during the last neurofeedback
training session.
MATERIALS AND METHODS
Participants
Seventeen right-handed female patients (aged 54.94 ± 10.11)
with a diagnosis of FM were recruited from the Asociación
Granadina de Fibromialgia (AGRAFIM) in Granada (Spain).
The diagnosis of FM was confirmed by a professional
rheumatologist following the American Rheumatology College
2010 Criteria. Exclusion criteria were: FM diagnosis of less than
1 year, pregnancy, vision or auditory deficits, and neurological
or psychiatric diseases (except depression). Thirteen of the
seventeen fibromyalgia patients had a diagnosed and medicated
depression disorder. No participants with other psychiatric
disorders were accepted in the study. All participants were taking
regular medication, including analgesic/myorelaxant (88.24%),
antidepressant (76.47%), and anxiolytic (70.59%). During the
experiment, participants were asked to avoid the use of any
other non-pharmacology therapy. The study was conducted in
accordance with the Declaration of Helsinki (1991) and approved
by the Ethics Committee of the Balearic Islands (Spain). Written
informed consents were obtained from the participants after the
experimental procedure explanation.
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Procedure and Clinical Assessment
The patients attended a total of seven sessions and were
sequentially assigned to either a SMR neurofeedback training
(SMR, n = 9) or a control group that received false feedback
during the training task (SHAM, n = 8) following the order
of their arrival at the first session. In the first session,
a thorough psychological evaluation was conducted under
the supervision of a trained and experienced psychologist
(MM), including a semi-structured interview on chronic pain
and following self-report questionnaires: the McGill Pain
Questionnaire (MPQ) (Melzack, 1975), the West Haven-Yale
Multidimensional Pain Inventory (WHYMPI) (Kerns et al.,
1985), the Tampa Scale for Kinesiophobia (TSK) (Roelofs et al.,
2004), the Pain Anxiety Symptoms Scale (PASS) (McCracken
et al., 1992), the Pain Vigilance and Awareness Questionnaire
(PVAQ) (McCracken, 1997), the MOS Social Support Survey
(MOS) (Sherbourne and Stewart, 1991), the Coping Strategies
Questionnaire (CSQ) (Rosenstiel and Keefe, 1983), the MOS 36-
item Short-form Health Survey (SF-36) (Ware and Sherbourne,
1992), the Beck Depression Inventory (BDI-II) (Beck et al.,
1996), and the Fibromyalgia Impact Questionnaire (FIQ)
(Burckhardt et al., 1991).
After the psychological assessment, patients participated in
a six-session neurofeedback training program with 3 sessions
per week during 2 weeks. The training protocol was successfully
tested in a previous work with healthy participants (Terrasa
et al., 2019). During the first (PRE session) and the sixth sessions
(POST session), all individuals performed the training in a
MRI scanner, while the rest four sessions were performed in
a MRI simulator. The simulator reproduced the characteristic
disturbing sounds of the real scanner. At the end of the PRE
and the POST sessions, patients were asked to rate their pain
using a numerical scale ranging from 0 to 100. Furthermore,
given that high anxiety levels can impair neurofeedback training
(Hardman et al., 1997; Gruzelier et al., 1999), the level of anxiety
was assessed with the State-Trait Anxiety Inventory (STAI)
(Spielberger et al., 1970) before the beginning of each assessment
session. In addition, all participants were asked to complete
a diary three times a day (morning, afternoon, evening) with
ratings of pain, fatigue and negative mood on a numerical scale
ranging from 0 to 100.
EEG Neurofeedback Task and
Processing
During the neurofeedback training program, EEG signals were
acquired by a QuickAmp amplifier (Brain Products GmbH,
Munich, Germany) at 1000 Hz sampling rate, with high-pass
and low-pass filter settings at 0.10 and 70 Hz, respectively.
A 50 Hz notch filter was also applied. EEG was recorded
from 64 Ag/AgCl electrodes placed according of the 10-
20 International System referenced to FCz. Ground electrode
was located at position AFz. Electrode impedance was kept
lower than 10 kOhm.
The EEG neurofeedback task was to learn to synchronize (i.e.,
by increasing power amplitudes at specific electrodes) and to
desynchronize (i.e., by decreasing power amplitudes at specific
electrodes) the SMR. The task was performed using the Cursor
Task module of BCI2000 platform (Schalk et al., 2004). Each trial
began with the presentation of a target (a gray vertical rectangle)
located on the left or right edge of the screen. At the same time,
a gray ball appeared in the center of the screen and subjects were
asked to control the movement of the ball on the horizontal axis
by synchronizing or desynchronizing the SMR for a maximum
of 9 s. The goal of the task was to move the ball and impact
the target. If the goal was achieved, the ball remained on the
screen for a second (reward presentation) and then disappeared;
otherwise, the ball simply disappeared. The participants did not
receive any instruction other than that they had to learn to
control the ball (move it to the right or left according to the
position of the target) and hit the target as many times as possible.
Two parameters of the task performance were analyzed: number
of trials in which the ball hit the target (percentage of hits)
and the time to hit the target in successful trials (duration of
successful trials).
During each neurofeedback trial, SMR power at C3, CP1,
and CP5 electrodes was calculated every 0.5 s of input data
by means of maximum entropy method (autoregressive model
order = 16) with 3 Hz bin resolution. These signal features were
translated into output control signal using a linear equation
selecting the power of the selected electrodes into 12–15 Hz
frequency bin. Finally, the signal was normalized to make the
output control signal zero mean and unit variance. The subjects
had to synchronize the SMR power to move the cursor to
the left or to desynchronize the power to move the cursor to
the right. The greater the power variation was, the greater the
cursor movement speed.
Given that the PRE and POST sessions were conducted in
the MRI scanner, BrainVision RecView software was applied
online to partially remove the gradient artifact (imaging artifact)
and the pulse artifact (ballistocardiographic artifact) of MRI
from the EEG signal using an automated implementation of
the average subtraction method (Allen et al., 1998, 2000).
RecView was modified to enable export of the corrected EEG
data in real time through a TCP/IP socket to BCI2000. This
procedure was optimized with BrainVision Syncbox ensuring
an optimal communication between the MRI scanner master
clock and Review.
During the PRE and POST sessions, the task consisted of
100 trials (50 trials with the target displayed on each side of
the screen) presented in random order with an interval between
the 15 s trials, and all participants (SMR and SHAM) received
real feedback on their performance. The remaining four training
sessions consisted of four runs with 20 trials (10 trials with the
target displayed on each side of the screen) presented in random
order within each run and with an interval between trials of
6 s. In these neurofeedback training sessions, only the SMR
group received real feedback on the SMR power variations, while
the SHAM group received random feedback. For the latter, the
movement of the ball was manipulated to reach the target only in
50% of the trials (25% right, 25% left).
The preprocessing of EEG data during the PRE and POST
sessions was carried out using Matlab R2016b. EEG signals
were bandpass filtered within 1–30 Hz and an algorithm
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FIGURE 1 | Percentage of successful trials for each group through all the sessions.
for ocular correction (Gratton and Coles) was applied. Data
were segmented into epochs of 9 s and separated by trial
type (synchronization or desynchronization). Then, power
spectral density was calculated for the interval between 1 and
30 Hz (1 Hz resolution) for all channels and each trial type
(synchronization or desynchronization). The average power
density at C3, CP1, and CP5 electrodes within SMR range (12–
15 Hz) was computed and the difference on SMR power between
synchronization and desynchronization trials was calculated as
an SMR modulation score, reflecting the degree of self-control
over SMR activity.
Functional MRI Data Acquisition
During the PRE and POST sessions, fMRI images were acquired
using a 3.0 Tesla scanner (SIEMENS MAGNETOM TrioTim
syngo MR). Echo-planar sequence (EPI) functional images of the
whole brain (except the cerebellum) were acquired during the
EEG neurofeedback for a maximum time of 40 min and 6 s (Total
volumes = 1200; 27 axial slices per volume interleaved; TR = 2.0
s; ET = 23 ms; Flip Angle = 80◦; Acquisition Matrix = 66 × 66;
FOV = 232 mm; Slice Thickness = 3.0 mm; no gap). Furthermore,
MPRAGE sequence T1 anatomical images were also acquired for
each subject to perform co-register and nuisance pre-analyses
(176 slices; TR = 1900 ms; ET = 2.52 ms; Flip Angle = 9◦;
FOV = 250 mm; Slice Thickness = 1 mm).
Data Analyses
After the initial statistical analyses, we observed that participants
in the SMR group as a whole could not achieve an average
performance above the random level, as demonstrated in
previous studies with healthy participants (Cincotti et al., 2008;
Blankertz et al., 2010; Terrasa et al., 2019). Furthermore, there
were no significant differences between the SMR and the
SHAM groups on percentage of hits. Therefore, we decided to
subdivide the SMR group in good responders (who achieved
a mean performance level above 50% of success during all the
sessions) and bad responders (who achieved a mean performance
level under 50% of success during all the sessions). Good
responders showed 70% of success in at least one session
of the neurofeedback training. Thus, the study was finally
conducted with three groups: good-SMR responders (n = 4)
with 67.76% ± 15.97 of successful trials (mean of the six
sessions), bad-SMR responders (n = 5) with 48.31% ± 7.26 of
successful trials and SHAM group (n = 8). The task performance
(percentage of hits) for each group through the six sessions are
shown in Figure 1.
Statistical analyses were carried out using IBM SPSS Statistics
v21. For repeated measures analyses, normal distributions of
the used variables were tested and Greenhouse–Geisser epsilon
corrections were applied to control for violation of the sphericity
assumption. Results are reported with the original degrees of
freedom, the p-values and the partial eta squared parameters
(ηp2). When significant effects were found, post hoc analyses were
performed using Bonferroni correction.
For the demographic and psychological data, one-way
analyses of variance (ANOVAs) were used to examine differences
among groups (good-SMR responders, bad-SMR responders and
SHAM) on age, years since FM was diagnosed and self-report
questionnaires (MPQ, WHYMPI, TSK, PASS, PVAQ, MOS,
CSQ, SF-36, BDI-II, and FIQ). Group differences in depression
comorbidity were analyzed with a Chi-Squared test. Differences
on pain ratings and STAI-S scores were examined by using an
ANOVA with the factors Group and Assessment session (PRE vs.
POST). With respect to the diary data, the average of the three
data points (morning, afternoon, night) obtained during the day
after the PRE assessment session, as well as the average of the data
points obtained the previous day to the POST assessment session
was computed for pain, fatigue and negative mood. Differences
on these ratings were tested by using ANOVAs with the factors
Group and Assessment session (PRE vs. POST).
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Task performance scores (percentage of hits and duration
of successful trials) during the assessment sessions (PRE vs.
POST) were tested by using an ANOVA with the factors
Group, Assessment session and Trial type (synchronization vs.
desynchronization). Regarding the EEG analyses and to test that
good-SMR responders would show significant training effects on
SMR modulation scores compared to bad-SMR responders and
SHAM group, an ANOVA with the factors Group Assessment
Session (PRE vs. POST) was carried out at selected electrodes
(C3, CP1, and CP5).
In order to further explore the possible interference of FM
symptoms on training effects, those questionnaire scores that
showed significant differences among the groups were correlated
with task performance scores (percentage of hits and duration
of successful trials) and SMR modulation scores during the PRE
and POST sessions.
Functional MRI Analyses
The fMRI connectivity analyses were performed with the CONN-
fMRI fc toolbox v18a (Whitfield-Gabrieli and Nieto-Castanon,
2012) in conjunction with SPM 12 (Wellcome Department
of Imaging Neuroscience, London, United Kingdom)1. All
structural and functional sequences in both PRE and POST
sessions were pre-processed using the CONN’s default pipeline
for volume-based analysis following these steps: resampling to
2 × 2 × 2 mm voxels and unwarping, centering, slice time
correction, normalization to the Montreal Neurological Institute
(MNI) template, outlier detection to use as a first-level nuisance
covariate (ART-based scrubbing), and smoothing to an 8 mm
Gaussian kernel. Motion parameters (translations in the x, y,
and z directions) were entered as multiple regressors and images
with motion over 2.0 mm were regressed entirely out of the
time course. Furthermore, BOLD data underwent a denoising
process by using CompCor method (Behzadi et al., 2007) in
a single linear regression step, and applying a band-pass filter
(0.01–0.09 Hz) in order to reduce both noise effects and low
frequency drift.
A Seed-to-Voxel parametrical analysis was performed by
using four seeds of interest (3 somatomotor and 1 visual brain
region, all bilaterally) that were preselected from the Harvard-
Oxford atlas: precentral gyri (PreCG), postcentral gyri (PostCG),
supplementary motor area (SMA), and intracalcarine cortex
(ICC). The visual area was included as control. Individual
correlation maps were generated extracting the mean BOLD
time course from the eight preselected seeds and calculating
the correlation coefficients with the BOLD time-course of
each voxel throughout the whole brain. These correlations
were obtained by applying the General Linear Model (GLM)
and bivariate correlation analyses weighted for Hemodynamic
Response Function (HRF). Only BOLD signals during successful
trials were analyzed.
To examine group differences in functional connectivity
during the POST compared to the PRE session, we used
a 3 × 2 factorial analysis with the within-subjects factor
Assessment session (PRE vs. POST) and the between-subjects
1http://www.fil.ion.ucl.ac.uk/spm/
factor Group (good-SMR responders, bad-SMR responders,
SHAM). Furthermore, two-sample t-tests between pairs of
groups separately for each session were performed. A whole-
brain height threshold of p < 0.001 (uncorrected) was
used to identify areas with significant functional connectivity
changes, and a family-wise error (FWE)-corrected threshold
of p < 0.01 at this height threshold was applied for all
reported clusters.
RESULTS
Demographic and Psychological Data
Table 1 displays demographic and psychological data of the
three groups. No significant differences among groups were
found on age, “years since FM was diagnosed” or depression
comorbidity [χ2(2) = 0.049, p = 0.976]. One-way ANOVAs
revealed slight significant differences on FIQ scores among
the three groups [F(2, 14) = 4.156, p = 0.043, ηp2 = 0.409].
However, Bonferroni post hoc analyses only showed a non-
significant trend between good-SMR and bad-SMR responders
on these scores (40.81 ± 5.12 and 68.37 ± 20.20, respectively,
p = 0.062). Furthermore, one-way ANOVAs revealed significant
differences among the three groups on three dimensions of
the SF-36: “pain” [F(2, 15) = 4.116, p = 0.041, ηp2 = 0.388],
“general health perception” [F(2, 15) = 5.954, p = 0.015,
ηp
2 = 0.478] and “change in health” [F(2, 15) = 7.127,
p = 0.008, ηp2 = 0.523]. Bonferroni post hoc analyses of
these effects revealed that good-SMR responders had higher
score than bad-SMR responders on the dimensions “pain”
(39.75 ± 21.50 and 9.20 ± 12.60, respectively, p = 0.049),
“general health perception” (41.25 ± 14.36 and 12.00 ± 12.55,
respectively, p = 0.013) and “change in health” (43.75 ± 12.50
and 5.00 ± 12.18, respectively, p = 0.008). No significant
differences among groups were observed on other self-
reported questionnaires.
The ANOVA on pain ratings revealed a significant interaction
effect of Group × Assessment Session [F(2, 14) = 4.103,
p = 0.040, ηp2 = 0.370]. The Bonferroni post hoc tests showed
that good-SMR responders reported lower levels of pain than
bad-SMR responders (27.50 ± 17.08 and 74.00 ± 19.49,
respectively, p = 0.047) after the POST session. No significant
group differences were found on pain ratings after the PRE
session. Good-SMR responders also reported a significant
reduction on pain ratings from the PRE to the POST
session (PRE = 47.50 ± 20.62, POST = 27.50 ± 17.08;
p = 0.042). No significant differences between the PRE and the
POST sessions were observed for either bad-SMR responders
(PRE = 66.00 ± 5.48, POST = 74.00 ± 19.49) or SHAM
participants (PRE = 58.13 ± 36.44, POST = 68.13 ± 30.46)
(Figure 2). Thus, neurofeedback training of the SMR was able
to elicit a significant average pain reduction of >40% in good
responders, but not in bad responders. Moreover, it was observed
that all good responders (4 out of 4) reduced pain ratings, whereas
neurofeedback training elicited a pain reduction in only 2 of the 5
bad responders and in 2 of the 8 participants of the SHAM group
(Supplementary Table S1).
Frontiers in Neuroscience | www.frontiersin.org 5 March 2020 | Volume 14 | Article 236
fnins-14-00236 March 17, 2020 Time: 16:37 # 6
Terrasa et al. Functional Changes and Neurofeedback in Fibromyalgia
TABLE 1 | Demographic data and questionnaires scores (mean ± SD) for each group, including effect sizes of the group differences (*p < 0.05; **p < 0.01).
Good-SMR responders (n = 4) Bad-SMR responders (n = 5) SHAM (n = 8) Effect size
Age (years) 54.75 ± 8.46 53 ± 9.77 56.25 ± 11.99 0.020
FM years diagnosed (years) 9.5 ± 6.25 12.2 ± 8.98 9.75 ± 4.46 0.038
Depression comorbidity 3 4 6 –
BDI 20 ± 7.55 35.8 ± 14.82 33.13 ± 12.4 0.198
SF-36
Physical functioning 40 ± 22.73 19 ± 13.42 33.57 ± 18.42 0.202
Role limitations: physical 28.25 ± 35.95 0 ± 0 0 ± 0 –
Role limitations: emotional 29 ± 8 20 ± 27.39 12 ± 18.57 0.124
Vitality 21.25 ± 16.52 7 ± 15.65 15.71 ± 14.27 0.136
Mental health 51 ± 11.49 39.2 ± 27.77 34 ± 12.17 0.145
Social functioning 47.25 ± 11.93 15.2 ± 20.81 28.71 ± 23.77 0.292
Pain 39.75 ± 21.5† 9.2 ± 12.6† 16.29 ± 15.89 0.388*
General health perception 41.25 ± 14.36† 12 ± 12.55† 26.43 ± 11.8 0.478*
Change in health 43.75 ± 12.5† 5 ± 11.18† 17.86 ± 18.9 0.523**
WHYMPI
Pain and interference
Social support 0.5 ± 1 2.33 ± 2.43 0.42 ± 0.94 0.278
Negative Mood 3.31 ± 1.01 4.15 ± 0.8 4.03 ± 0.75 0.161
Social Interference 2.84 ± 1.5 5 ± 1.08 4.04 ± 1.29 0.311
Activity interference 4.25 ± 1.34 5.35 ± 0.95 4.66 ± 1.27 0.124
Pain Severity 3.25 ± 1.46 5.1 ± 0.78 4.22 ± 0.96 0.333
Self-Control 3.5 ± 1.22 1.6 ± 1.64 2.81 ± 1.16 0.258
Support
Distracting 2.78 ± 1.36 2.1 ± 0.9 2.52 ± 1.76 0.033
Solicitous 3.27 ± 0.95 1.76 ± 1.28 1.95 ± 1.51 0.166
Punitive 2.89 ± 1.83 2 ± 2.01 2.46 ± 1.42 0.040
Activity interference
Outdoor work 4.54 ± 1.56 2.67 ± 1.44 3.04 ± 1.15 0.259
Away from home 2 ± 0.73 1.08 ± 0.89 1.98 ± 1.32 0.145
Household work 0.42 ± 0.5 1.13 ± 2 1.33 ± 1.65 0.060
Social 1.59 ± 0.83 1.33 ± 1.7 1.54 ± 1.52 0.006
MPQ
Sensory 10.25 ± 1.26 9.2 ± 1.64 12.88 ± 10.37 0.057
Miscellaneous 2.25 ± 0.96 3 ± 0 3.38 ± 3.2 0.043
Affective 1.25 ± 1.26 2.6 ± 0.55 2.5 ± 2.88 0.074
Evaluative 0.75 ± 0.5 1 ± 0 1.13 ± 1.25 0.031
PASS
Cognitive anxiety 15.75 ± 11.56 10.92 ± 9.86 21.56 ± 13.49 0.148
Physiologic anxiety 10.15 ± 8.4 8.12 ± 8.26 16.34 ± 13.3 0.120
Escape and avoidance 13.93 ± 7.07 12.32 ± 13.54 22.29 ± 13.75 0.143
Fearful thinking 10.5 ± 11.62 11.4 ± 12.05 20.18 ± 15.86 0.115
TSK 27.75 ± 12.15 51.8 ± 13.72 38.13 ± 15.72 0.311
PVAQ 45.5 ± 8.89 51 ± 11.29 48.13 ± 12.52 0.036
CSQ
Catastrophizing 9.75 ± 9.54 26.4 ± 7.37 18 ± 10.95 0.318
Increasing activity levels 14.25 ± 7.89 10.8 ± 6.61 16.38 ± 6.19 0.132
Coping self-statements 16.75 ± 8.81 12.4 ± 9.66 17.13 ± 3.27 0.099
Ignoring pain 22.25 ± 6.18 14.8 ± 8.81 23.13 ± 4.19 0.295
Reinterpreting pain 10 ± 10.86 6.2 ± 4.49 10.5 ± 7.45 0.069
Hoping 7.75 ± 3.59 9.8 ± 5.17 6.38 ± 3.5 0.135
Praying 3 ± 5.35 8.2 ± 6.8 4.38 ± 5.24 0.131
Coping self-statements 9.5 ± 1.73 8.4 ± 5.41 10.63 ± 2.88 0.077
(Continued)
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TABLE 1 | Continued
Good-SMR responders (n = 4) Bad-SMR responders (n = 5) SHAM (n = 8) Effect size
MOS
Emotional support 28.25 ± 13.57 24.4 ± 11.06 21.75 ± 6.84 0.077
Tangible support 14.5 ± 7.14 12.4 ± 3.29 11.75 ± 5.06 0.052
Positive interaction 14.5 ± 6.81 13 ± 5.2 11.75 ± 4.03 0.054
Affection 13 ± 4 11.4 ± 3.91 9.25 ± 2.55 0.207
Overall support index 70.25 ± 28.81 61.2 ± 22.71 50.75 ± 22.78 0.116
FIQ 40.81 ± 5.13 68.37 ± 20.2 65.16 ± 15.16 0.409*
BDI-II, Beck Depression Inventory; SF-36, MOS 36-item Short-form Health Survey; WHYMPI, West Haven-Yale Multidimensional Pain Inventory; MPQ, McGill Pain
Questionnaire; PASS, Pain Anxiety Symptoms Scale; TSK, Tampa Scale for Kinesiophobia; PVAQ, Pain Vigilance and Awareness Questionnaire; CSQ, Coping Strategies
Questionnaire; MOS, MOS Social Support Survey; FIQ, Fibromyalgia Impact Questionnaire; †, good-SMR responders > bad-SMR responders (p > 0.05).
FIGURE 2 | Pain ratings during the Assessment sessions (PRE and POST) for each group (∗ indicates p < 0.05).
No significant differences were found due to Group or
Assessment session on anxiety scores (STAI-S) or subjective
ratings (pain, fatigue, and negative mood) obtained from the
diary (Supplementary Table S1).
Task Performance and EEG
Neurofeedback Analyses
Figure 3 displays the task performance during the PRE
and the POST sessions for good-SMR responders, bad-
SMR responders and the SHAM group. The good-SMR
responders showed higher percentage of hits than bad-
SMR responders and the SHAM group (60.25% ± 8.74,
45.30% ± 5.47, and 42.81% ± 7.40, respectively). The ANOVA
on task performance revealed significant main effects of
Group [F(2, 14) = 10.865, p = 0.001, ηp2 = 0.608], showing
significant differences between the good-SMR responders and
the bad-SMR responders, as well as between the good-SMR
responders and the SHAM group (Bonferroni post hoc: all
ps < 0.01), but not between the bad-SMR responders and the
SHAM group. No other significant effects were observed on
task performance.
A similar statistical analysis of task performance was
computed taking into account the Trial type (synchronization
vs. desynchronization). The ANOVA results reveled significant
main effects of Group [F(2, 14) = 10.612, p = 0.002, ηp2 = 0.603],
as well as a trend effect of Group × Assessment Session
× Trial type [F(2, 14) = 3.300, p = 0.067, ηp2 = 0.320].
The Bonferroni post hoc test yielded significant differences
in bad-SMR responders and the SHAM group between
trial types during the POST session (all ps < 0.01). Thus,
percentage of hits during synchronization were higher
than during desynchronization in bad-SMR responders
(62.80% ± 10.92 and 26.00% ± 15.75, respectively) and
the SHAM group (53.75% ± 7.74 and 31.25% ± 11.16,
respectively) during the POST session. In contrast, good-SMR
responders showed no significant differences in percentage of
hits between synchronization and desynchronization during
the POST session (67.00% ± 13.11 and 62.50% ± 15.61,
respectively, p = 0.614). During the PRE session, only the
SHAM group showed significant differences in percentage
of hits between synchronization and desynchronization
(53.75% ± 9.35 and 32.25% ± 14.04, respectively, p = 0.003)
(Supplementary Figure S1).
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FIGURE 3 | Percentage of successful trials during the Assessment sessions (PRE and POST) for each group (∗∗ indicates p < 0.01).
The duration of successful trials during synchronization
and desynchronization trials in the assessment sessions are
shown for the three groups in Supplementary Figure S2. The
ANOVA revealed a significant effect of Group × Trial type
[F(2, 14) = 6.064, p = 0.013, ηp2 = 0.464]. Bonferroni post hoc
test showed that desynchronization trials lasted significantly
longer than the synchronization trials in bad-SMR responders
(4.15 s ± 0.81 and 3.15 s ± 0.79, respectively) and the
SHAM group (4.03 s ± 0.77 and 3.33 s ± 0.50, respectively)
(all ps < 0.001). In contrast, no significant differences were
found on duration of successful trials between desynchronization
and synchronization in good-SMR responders (3.83 s ± 0.66
and 3.82 s ± 0.62, respectively) (p = 0.958). No other
significant differences due to group, Assessment session or Trial
task were found.
Figure 4 displays changes of SMR power modulation
(difference between synchronization and desynchronization
trials at electrodes C3, CP1, and CP5 within 12–15 Hz) during
the Assessment sessions. The ANOVA revealed significant main
effects of Group [F(2, 14) = 11.129, p = 0.001, ηp2 = 0.614],
as well as a trend effect of Group × Assessment Session [F(2,
14) = 3.225, p = 0.070, ηp2 = 0.315]. The Bonferroni post hoc
tests showed significant differences between good-SMR and bad-
SMR responders, as well as between good-SMR responders and
the SHAM group during the POST session (all ps < 0.001).
SMR modulation score was higher in good-SMR responders
(7.91 µV2/Hz ± 2.20) than in bad-SMR responders (0.04
µV2/Hz ± 1.06) and SHAM group (1.63 µV2/Hz ± 1.81).
No significant group differences were found during the PRE
session. Furthermore, only good-SMR responders displayed a
significant enhancement of the SMR modulation score between
the PRE (1.57 µV2/Hz ± 1.41) and the POST sessions (7.91
µV2/Hz± 2.20) (p = 0.003).
Finally, correlational analyses revealed that percentage of
successful trials during the POST session was positively correlated
with the “pain” (r = 0.688, p = 0.003) and “change in health”
(r = 0.715, p = 0.002) dimensions of the SF-36 questionnaire.
Furthermore, SMR modulation was negatively correlated with
FIQ scores (r = -0.552, p = 0.033). No correlations were found
between performance scores, SMR modulation and questionnaire
scores during the PRE session.
Functional MRI Data
The hypothesis that participants with a successful SMR
neurofeedback training would show an increased somatomotor
functional connectivity was explored using a seed-to-voxel
analysis. No significant group differences were found
on functional connectivity from PRE to POST sessions.
Nevertheless, significant group differences on the functional
connectivity of the somatomotor seed regions with a variety of
cortical regions were observed during both the POST and the
PRE sessions, separately. Table 2 shows the T-maxima of the
significant clusters, as well as MNI coordinates, P-values (FWE
corrected) and the size of each cluster in contiguous voxels for
PRE and POST sessions.
During the PRE session, bad-SMR responders (compared
to SHAM group) exhibited increased functional connectivity
between the left PreCG seed and the left temporooccipital
middle temporal gyrus [t(11) = 7.95, p < 0.001] and the left
central opercular cortex [t(11) = 9.93, p < 0.001], as well as
between the left PostCG seed and the superior lateral occipital
cortex [t(11) = 8.20, p < 0.001] and the left temporooccipital
middle temporal gyrus [t(11) = 6.66, p < 0.001], and between
the right ICC seed and the superior lateral occipital cortex
[t(11) = 9.19, p < 0.001] and the left superior frontal gyrus
[t(11) = 7.36, p < 0.001]. No significant differences on seed-to-
voxel connectivity were found between good-SMR and bad-SMR
responders, or between good SMR responders and SHAM in
the PRE session.
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FIGURE 4 | SMR modulation score (power difference between synchronization and desynchronization) over C3, CP1 and CP5 electrodes during the Assessment
sessions (∗∗ and ∗∗∗ indicate p < 0.01 and p < 0.001, respectively).
During the POST session, good-SMR responders (compared
to SHAM) exhibited increased functional connectivity between
the right PostCG seed ant the left PostCG [t(10) = 6.93,
p < 0.001] and between the left PostCG seed and the right
PostCG [t(10) = 11.90, p < 0.001] and the right temporal
occipital fusiform cortex [t(10) = 8.59, p < 0.001]. Good-
SMR responders (compared to bad-SMR responders) also
demonstrated enhanced connectivity between the left PostCG
seed and the right PostCG [t(7) = 14.41, p < 0.001].
Furthermore, bad-SMR responders (compared to good-SMR
responders) presented increased functional connectivity between
left PreCG seed and the precuneous [t(7) = 14.16, p < 0.001]
and between right PostCG seed and the right superior
lateral occipital cortex [t(7) = 11.09, p < 0.001]. Bad-SMR
responders (compared to SHAM) also demonstrated enhanced
connectivity between the left PostCG seed and the left superior
lateral occipital cortex [t(11) = 8.80, p < 0.001]. Thus, it
appears that good-SMR responders had improved functional
connectivity among somatomotor areas during the POST session;
whereas bad-SMR responders showed increased functional
connectivity with visual areas. Figure 5 displays those brain
locations, where the functional connectivity of the left and
right PostCG seed was higher in good-SMR than in bad-SMR
responders and SHAM.
DISCUSSION
The aim of the present study was to examine changes in
SMR power and functional connectivity of the somatosensory
and motor cortices during a neurofeedback training based
on synchronization and desynchronization of the SMR
power over motor and somatosensory areas in patients with
fibromyalgia (FM). In addition, changes in fMRI connectivity
of somatosensory and motor cortices elicited when performing
the neurofeedback training were also analyzed. Participants were
randomly assigned to a SMR training group (real feedback)
or to a SHAM group (non-contingent feedback). The analyses
of the task performance during the six sessions revealed that
only some participants of the SMR group were able to achieve
a success rate above 50% (chance level). Thus, SMR group
participants were further subdivided into good (good-SMR
responders, those participants who performed the task above
the chance level), and bad responders (bad-SMR responders,
those participants who performed the task at the chance level).
Good responders displayed significant enhancements of power
modulation (the difference between SMR synchronization and
desynchronization) at electrodes over somatomotor cortices,
as well as increased functional connectivity between motor
and somatosensory related areas during the last session as
compared to the first session of the neurofeedback training.
No changes on brain activity or connectivity were observed
in bad responders or in the SHAM group. In addition, good
responders significantly reduced pain ratings compared to both
bad responders and the SHAM group.
Taking together all participants who received SMR
neurofeedback training, it was observed that their average
percentage of hits during the task was similar to the SHAM
group and close to the random probability level. This finding
contrasts with previous studies showing that healthy participants
can learn to modulate SMR in one session and achieve a
successful performance in the neurofeedback task of around
75% (Popescu et al., 2007; Blankertz et al., 2008, 2010). In
the present study, we decided to examine the effects of a six-
session neurofeedback training program (3 sessions per week
for 2 weeks) that was already tested in healthy participants
with a successful performance of above 75% (Terrasa et al.,
2019). The lack of information about the success rate in
previous studies with fibromyalgia patients (Mueller et al., 2001;
Kravitz et al., 2006; Kayıran et al., 2010; Nelson et al., 2010;
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TABLE 2 | Seed-to-voxel results of the two-sample t-tests comparing pairs of groups during the PRE and POST sessions.
Seed Contrast pair Cluster [x,y,z] k Cluster p-FWE Peak p-unc Result region
PRE
PreCG L Bad-SMR responders > SHAM −44 −44 −04 434 0.000000 0.000003 Temporooccipital middle temporal gyrus L Angular
gyrus L Inferior lateral occipital cortex L
−64 −20 +18 234 0.000031 0.000000 Central opercular cortex L Planum temporale L
Anterior supramarginal gyrus L Parietal operculum L
Anterior superior temporal gyrus L
PostCG L Bad-SMR responders > SHAM −32 −68 +10 1122 0.000000 0.000003 Superior lateral occipital cortex L Inferior lateral
occipital cortex L Temporooccipital middle temporal
gyrus L Angular gyrus L
ICC R Bad-SMR responders > SHAM −38 −58 +48 393 0.000000 0.000001 Superior lateral occipital cortex L Angular gyrus L
Superior parietal lobule L
−14 +38 +48 317 0.000005 0.000007 Superior frontal gyrus L Middle frontal gyrus L
POST
PreCG L Bad-SMR
responders > good-SMR
responders
−06 −42 +44 301 0.000002 0.000001 Precuneous Posterior cingulate gyrus L
PostCG R Good-SMR
responders > SHAM
−46 −32 +58 458 0.000002 0.000020 Postcentral gyrus L Anterior supramarginal gyrus L
Bad-SMR
responders > good-SMR
responders
+42 −62 +44 399 0.000000 0.000005 Angular gyrus R Superior lateral occipital cortex R
PostCG L Good-SMR
responders > SHAM
+28 −24 +56 1426 0.000000 0.000000 Postcentral gyrus R Precentral gyrus R Anterior
supramarginal gyrus R Superior parietal lobule R
+38 −38 −14 588 0.000000 0.000003 Temporal occipital fusiform cortex R Lingual gyrus R
Posterior temporal fusiform cortex R
Temporooccipital inferior temporal gyrus R Posterior
parahippocampal gyrus R Posterior inferior
temporal gyrus R
+52 −32 +36 198 0.000993 0.000042 Posterior supramarginal gyrus R
Good-SMR
responders > bad-SMR
responders
+50 −14 +50 1175 0.000000 0.000001 Postcentral gyrus R Precentral gyrus R Superior
parietal lobule R
Bad-SMR
responders > good-SMR
responders
−30 −10 +34 274 0.000003 0.000008 Insular cortex L
Bad-SMR responders > SHAM −52 −60 +24 472 0.000000 0.000001 Superior lateral occipital cortex L Angular gyrus L
A whole-brain height threshold of p < 0.001 (uncorrected) was used to identify areas with significant functional connectivity changes, and a family-wise error (FWE)-
corrected threshold of p < 0.01 at this height threshold was applied for all reported clusters (PreCG, precentral gyrus; PostCG, postcentral gyrus; ICC, intracalcarine
cortex; L, left; R, right).
Caro and Winter, 2011) makes difficult the comparison, but it
is worthy to highlight that about 20% of healthy individuals
cannot modulate their cerebral activity (Allison and Neuper,
2010). In our study, around half of FM participants were
not able to perform successfully the neurofeedback task, and
we decided to subdivide the participants who received the
SMR training in good and bad responders to further explore
the differences in brain activity and functional connectivity.
Even good responders achieved an average success rate of
above 60% in the neurofeedback training task, below the
performance previously observed in healthy subjects. Thus,
it seems that the presence of chronic pain could affect the
behavioral performance in neurofeedback tasks. In this sense,
we also observed that good and bad responders to the SMR
neurofeedback training displayed significant differences in
several clinical characteristics of pain symptoms before the
training program. Thus, for instance, good-SMR responders
had significant lower scores in pain impact (FIQ and SF-36
dimension), together with better health perception and health
change (SF-36 dimensions) than bad-SMR responders. By
contrast, participants in the SHAM group yielded better scores
on health status and pain impact than bad responders, but worse
than good responders. In addition, significant correlations were
observed between successful performance in the neurofeedback
task and pain impact and perceived health status, indicating
that only those FM participants with less symptom severity
were able to perform successfully the neurofeedback training.
Other pain-related symptoms such as depression, anxiety
or kinesiophobia were not relevant for task performance.
These data suggest that the poor performance of chronic pain
patients could be related to the direct impact of chronic pain
on their health rather than to other pain comorbidities. Future
research should further clarify the role of chronic pain in the
performance of the neurofeedback task and explore whether
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FIGURE 5 | Group differences on functional connectivity of the left (A) and the right (B) postcentral gyrus with somatomotor areas in the POST session. Color
indicates the connectivity strength in good-SMR responders when compared to bad-SMR responders and the SHAM group.
there are some patients who could benefit more than others from
neurofeedback training.
The best performance of good responders was also reflected
in the ability to synchronize and desynchronize SMR with the
same success and speed. On the other hand, bad responders
and participants in the SHAM group were worse and slower to
desynchronize than to synchronize the SMR. Moreover, there was
no modulation of SMR power (difference between EEG power
in synchronization and desynchronization trials) neither in bad
responders nor in the SHAM group. Thus, it appears that the
optimal task performance was accompanied by a better power
modulation of both synchronization and desynchronization of
the SMR over motor and somatosensory related electrodes after
the neurofeedback training. Our findings are in agreement with
previous data showing, for instance, that FM patients were able
to modulate delta, theta and alpha EEG power (Mueller et al.,
2001), or the theta/SMR ratio after the neurofeedback training
(Kayıran et al., 2010). Considering that most neurofeedback
studies have reported significant but unspecific changes in brain
activity over the cortex, the present study provides further
evidence that only some FM participants were able to self-
regulate their brain activity over somatomotor cortices and
that these modulatory changes were followed by a significant
reduction in pain.
Previous studies have suggested that neurofeedback training
may increase resting-state functional connectivity in several
pain areas such as ACC (Ros et al., 2013), insula (Kluetsch
et al., 2014) or the amygdala (Nicholson et al., 2016). In
addition, significant enhancements of resting-state functional
connectivity of somatosensory and motor cortices have been
demonstrated in patients with stroke (Várkuti et al., 2013; Young
et al., 2014; Mohanty et al., 2018) and healthy participants
(Terrasa et al., 2019). In the present study, significant changes
in functional brain connectivity of motor and somatosensory
areas were observed when performing the neurofeedback task
in good responders to the neurofeedback training of the SMR,
but not in bad responders or participants in the SHAM
group. Indeed, good responders showed higher functional
connectivity of the bilateral PostCG with other somatosensory
and motor areas than bad-SMR responders and the SHAM
group. Therefore, it appears that a successful neurofeedback
training based on the modulation of the SMR may lead to
a greater interconnectivity between somatosensory and other
somatomotor areas. In contrast, bad responders displayed
increased functional connectivity between somatomotor areas
and several brain areas during both before and after the
neurofeedback training. Most of these areas (precuneous, angular
gyrus and superior lateral occipital cortex) are involved in
visuospatial processing and object recognition (Grill-Spector
et al., 2001; Cavanna and Trimble, 2006; Seghier, 2013),
suggesting that bad responders were trying to use some
visual strategy to solve the neurofeedback task. Interestingly,
functional connectivities of somatomotor areas and the insula,
as well as visual processing and pain-related areas, were also
increased in bad responders at the beginning and the end
of the neurofeedback training. It is well known that the
insula is involved in sensory and affective dimensions of
pain processing and its functional connectivity seems to be
impaired in chronic pain leading to a disruption of modulatory
circuits involved in pain (Lu et al., 2016). Thus, our findings
of an enhanced functional connectivity of these pain-related
brain areas in bad responders suggest that patients could
be more focused on pain perception, rather than on the
neurofeedback task.
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Together with changes in activity and functional connectivity
within motor and somatosensory brain areas, neurofeedback
training of the SMR was able to elicit a significant average pain
reduction of >40% (2 cm on the VAS) in good responders,
but not in bad responders. In addition, it was observed
that all good responders (4 out of 4) reduced pain ratings,
whereas neurofeedback training elicited a pain reduction in
only 2 of the 5 bad responders. Although the sample of the
present study was small, our findings are in agreement with
previous studies showing that neurofeedback training of SMR
can produce pain reduction in chronic pain patients (Mueller
et al., 2001; Kayıran et al., 2010; Nelson et al., 2010; Caro
and Winter, 2011). Furthermore, our neurofeedback training
protocol consisted of six sessions, while other studies with
relevant clinical effects have used at least 10 (Kayıran et al.,
2010), or even more than 30 sessions (Caro and Winter,
2011). Indeed, there is significant variability in terms of study
design and intervention procedures (duration and number of
treatment sessions) with respect to neurofeedback intervention
in patients with fibromyalgia (Santoro and Cronan, 2014). In
the present study, we decided to examine the effects of a six-
session neurofeedback training program (3 sessions per week for
2 weeks) that was already tested in healthy participants (Terrasa
et al., 2019). Although patients with chronic pain achieved
poorer performance than healthy controls in this program, our
findings seem to indicate that 4–6 training sessions may be
enough to produce positive clinical results. Thus, this short
program could be used as a marker to examine the long-term
suitability of neurofeedback training to reduce pain in patients
with chronic pain.
Nevertheless, the design of the present study has some
shortcomings and its findings should be taken with caution. First
and most important, the sample size was small and this makes
the findings only preliminary, especially in the fMRI analyses.
Second, the fact that all participants took regular medication
during neurofeedback training could have biased the results, so
their possible effects on the brain changes observed in this study
should be further explored. Third, all subjects were women and,
therefore, further studies should include male participants with
FM to assess the possible influence of gender on the effects
of neurofeedback training. Fourth, this was not a double-blind
study and, therefore, our findings could be affected by factors
that were not related to the neurofeedback intervention. And
finally, our psychological assessment was designed to characterize
patients and ensure that the groups were comparable in those
measures before the training. Further analyzing the effects of
neurofeedback training on self-report questionnaires (including
depression) is of great interest and should be examined in
subsequent studies.
In summary, the present study revealed that neurofeedback
training based on the synchronization and the desynchronization
of the SMR led to an augmented functional connectivity between
areas associated with the somatosensory and motor activity, as
well as to an enhancement of power modulation in fibromyalgia
patients. Nevertheless, this result was only obtained in those
participants with less impact of the fibromyalgia symptoms.
Moreover, these changes in EEG power and functional brain
connectivity were mirrored by a reduction in pain. In this sense,
our research provide evidence that neurofeedback training is a
promising tool for a better understanding of brain mechanisms
involved in pain chronification.
DATA AVAILABILITY STATEMENT
The datasets generated for this study are available on request to
the corresponding author.
ETHICS STATEMENT
The studies involving human participants were reviewed and
approved by the Ethics Committee of the Balearic Islands (Spain).
The patients/participants provided their written informed
consent to participate in this study.
AUTHOR CONTRIBUTIONS
JT, AB-L, PM, and MM contributed significantly to the design of
the study. JT collected the data. JT and AB-L performed the data
analyses. JT and MM wrote most of the manuscript. AB-L and
PM critically revised the manuscript.
FUNDING
This work was supported by the grants from PSI2017-88388-C4-
1-R (AEI/FEDER, UE), PSI2017-88388-C4-3-R (AEI/FEDER,
UE), and the Spanish Ministerio de Economía, Industria
y Competitividad (ref: PSI2013-48260-C3-1-R and PSI2014-
57231-R).
SUPPLEMENTARY MATERIAL
The Supplementary Material for this article can be found
online at: https://www.frontiersin.org/articles/10.3389/fnins.
2020.00236/full#supplementary-material
REFERENCES
Allen, P. J., Josephs, O., and Turner, R. (2000). A method for removing imaging
artifact from continuous EEG recorded during functional MRI. Neuroimage 12,
230–239. doi: 10.1006/nimg.2000.0599
Allen, P. J., Polizzi, G., Krakow, K., Fish, D. R., and Lemieux, L. (1998).
Identification of EEG events in the mr scanner: the problem of pulse artifact
and a method for its subtraction. Neuroimage 8, 229–239. doi: 10.1006/nimg.
1998.0361
Allison, B. Z., and Neuper, C. (2010). “Could anyone use a BCI?” in Brain-
Computer Interfaces, eds D. S. Tan and A. Nijholt (London: Springer), 35–54.
doi: 10.1007/978-1-84996-272-8_3
Beck, A. T., Steer, R. A., Ball, R., and Ranieri, W. F. (1996).
Comparison of beck depression inventories-IA and-II in psychiatric
Frontiers in Neuroscience | www.frontiersin.org 12 March 2020 | Volume 14 | Article 236
fnins-14-00236 March 17, 2020 Time: 16:37 # 13
Terrasa et al. Functional Changes and Neurofeedback in Fibromyalgia
outpatients. J. Pers. Assess. 67, 588–597. doi: 10.1207/s15327752jpa67
03_13
Behzadi, Y., Restom, K., Liau, J., and Liu, T. T. (2007). A component based
noise correction method (CompCor) for BOLD and perfusion based fMRI.
Neuroimage 37, 90–101. doi: 10.1016/j.neuroimage.2007.04.042
Blankertz, B., Losch, F., Krauledat, M., Dornhege, G., Curio, G., and Muller, K.-
R. (2008). The Berlin Brain-Computer Interface: accurate performance from
first-session in BCI-naive subjects. IEEE Trans. Biomed. Eng. 55, 2452–2462.
doi: 10.1109/TBME.2008.923152
Blankertz, B., Sannelli, C., Halder, S., Hammer, E. M., Kübler, A., Müller, K.-R.,
et al. (2010). Neurophysiological predictor of SMR-based BCI performance.
Neuroimage 51, 1303–1309. doi: 10.1016/j.neuroimage.2010.03.022
Budzynski, T. (ed.) (2009). Introduction to Quantitative EEG and Neurofeedback:
Advanced Theory and Applications, 2nd Edn. Amsterdam: Academic Press.
Burckhardt, C. S., Clark, S. R., and Bennett, R. M. (1991). The fibromyalgia impact
questionnaire: development and validation. J. Rheumatol. 18, 728–733.
Burgmer, M., Pogatzki-Zahn, E., Gaubitz, M., Stüber, C., Wessoleck, E., Heuft,
G., et al. (2010). Fibromyalgia unique temporal brain activation during
experimental pain: a controlled fMRI Study. J. Neural Transm. 117, 123–131.
doi: 10.1007/s00702-009-0339-1
Burgmer, M., Pogatzkizahn, E., Gaubitz, M., Wessoleck, E., Heuft, G., and
Pfleiderer, B. (2009). Altered brain activity during pain processing in
fibromyalgia. Neuroimage 44, 502–508. doi: 10.1016/j.neuroimage.2008.09.008
Caro, X. J., and Winter, E. F. (2011). EEG biofeedback treatment improves
certain attention and somatic symptoms in fibromyalgia: a pilot study. Appl.
Psychophysiol. Biofeedback 36, 193–200. doi: 10.1007/s10484-011-9159-9
Castillo Saavedra, L., Mendonca, M., and Fregni, F. (2014). Role of the primary
motor cortex in the maintenance and treatment of pain in fibromyalgia. Med.
Hypotheses 83, 332–336. doi: 10.1016/j.mehy.2014.06.007
Cavanna, A. E., and Trimble, M. R. (2006). The precuneus: a review of its functional
anatomy and behavioural correlates. Brain 129, 564–583. doi: 10.1093/brain/
awl004
Cifre, I., Sitges, C., Fraiman, D., Munoz, M. A., Balenzuela, P., Gonzalez-Roldan,
A., et al. (2012). Disrupted functional connectivity of the pain network in
fibromyalgia. Psychosom. Med. 74, 55–62. doi: 10.1097/PSY.0b013e3182408f04
Cincotti, F., Mattia, D., Aloise, F., Bufalari, S., Schalk, G., Oriolo, G., et al.
(2008). Non-invasive brain–computer interface system: towards its application
as assistive technology. Brain Res. Bull. 75, 796–803. doi: 10.1016/j.brainresbull.
2008.01.007
Clauw, D. J., D’Arcy, Y., Gebke, K., Semel, D., Pauer, L., and Jones, K. D. (2018).
Normalizing fibromyalgia as a chronic illness. Postgrad. Med. 130, 9–18. doi:
10.1080/00325481.2018.1411743
Desmeules, J. A., Cedraschi, C., Rapiti, E., Baumgartner, E., Finckh, A., Cohen,
P., et al. (2003). Neurophysiologic evidence for a central sensitization in
patients with fibromyalgia. Arthritis Rheum. 48, 1420–1429. doi: 10.1002/art.
10893
Diers, M. (2019). Neuroimaging the pain network – Implications for treatment.
Best Pract. Res. Clin. Rheumatol. 33:101418. doi: 10.1016/j.berh.2019.05.003
Don, S., Venema, M., De Kooning, M., van Buchem, B., Nijs, J., and Voogt, L.
(2019). Does sensorimotor incongruence trigger pain and sensory disturbances
in people with chronic low back pain? A randomized cross-over experiment.
J. Pain 20, 315–324. doi: 10.1016/j.jpain.2018.09.011
Enriquez-Geppert, S., Huster, R. J., and Herrmann, C. S. (2017). EEG-
neurofeedback as a tool to modulate cognition and behavior: a review tutorial.
Front. Hum. Neurosci. 11:51. doi: 10.3389/fnhum.2017.00051
Flodin, P., Martinsen, S., Löfgren, M., Bileviciute-Ljungar, I., Kosek, E., and
Fransson, P. (2014). Fibromyalgia is associated with decreased connectivity
between pain- and sensorimotor brain areas. Brain Connect. 4, 587–594. doi:
10.1089/brain.2014.0274
González-Roldán, A. M., Cifre, I., Sitges, C., and Montoya, P. (2016). Altered
dynamic of EEG oscillations in fibromyalgia patients at rest. Pain Med. 17,
1058–1068. doi: 10.1093/pm/pnw023
Gracely, R. H. (2004). Pain catastrophizing and neural responses to pain
among persons with fibromyalgia. Brain 127, 835–843. doi: 10.1093/brain/
awh098
Grill-Spector, K., Kourtzi, Z., and Kanwisher, N. (2001). The lateral occipital
complex and its role in object recognition. Vision Res. 41, 1409–1422. doi:
10.1016/s0042-6989(01)00073-6
Gruzelier, J., Hardman, E., Wild, J., and Zaman, R. (1999). Learned control of slow
potential interhemispheric asymmetry in schizophrenia. Int. J. Psychophysiol.
34, 341–348. doi: 10.1016/s0167-8760(99)00091-4
Gruzelier, J. H. (2014). EEG-neurofeedback for optimising performance. I: A
review of cognitive and affective outcome in healthy participants. Neurosci.
Biobehav. Rev. 44, 124–141. doi: 10.1016/j.neubiorev.2013.09.015
Hardman, E., Gruzelier, J., Cheesman, K., Jones, C., Liddiard, D., Schleichert,
H., et al. (1997). Frontal interhemispheric asymmetry: self regulation and
individual differences in humans. Neurosci. Lett. 221, 117–120. doi: 10.1016/
s0304-3940(96)13303-6
Harris, A. J. (1999). Cortical origin of pathological pain. Lancet 354, 1464–1466.
doi: 10.1016/s0140-6736(99)05003-5
Ichesco, E., Schmidt-Wilcke, T., Bhavsar, R., Clauw, D. J., Peltier, S. J., Kim, J., et al.
(2014). Altered resting state connectivity of the insular cortex in individuals
with fibromyalgia. J. Pain 15, 815–826.e1. doi: 10.1016/j.jpain.2014.04.007
Jensen, M. P., Day, M. A., and Miró, J. (2014). Neuromodulatory treatments for
chronic pain: efficacy and mechanisms. Nat. Rev. Neurol. 10, 167–178. doi:
10.1038/nrneurol.2014.12
Jensen, M. P., Grierson, C., Tracy-Smith, V., Bacigalupi, S. C., and Othmer, S.
(2007). Neurofeedback treatment for pain associated with complex regional
pain syndrome type I. J. Neurother. 11, 45–53. doi: 10.1300/J184v11n01_04
Jensen, M. P., Hakimian, S., Sherlin, L. H., and Fregni, F. (2008). New insights
into neuromodulatory approaches for the treatment of pain. J. Pain 9, 193–199.
doi: 10.1016/j.jpain.2007.11.003
Kayıran, S., Dursun, E., Dursun, N., Ermutlu, N., and Karamürsel, S.
(2010). Neurofeedback intervention in fibromyalgia syndrome; a randomized,
controlled, rater blind clinical trial. Appl. Psychophysiol. Biofeedback 35, 293–
302. doi: 10.1007/s10484-010-9135-9
Kerns, R. D., Turk, D. C., and Rudy, T. E. (1985). The west haven-yale
multidimensional pain inventory (WHYMPI). Pain 23, 345–356. doi: 10.1016/
0304-3959(85)90004-1
Kluetsch, R. C., Ros, T., Théberge, J., Frewen, P. A., Calhoun, V. D., Schmahl, C.,
et al. (2014). Plastic modulation of PTSD resting-state networks and subjective
wellbeing by EEG neurofeedback. Acta Psychiatr. Scand. 130, 123–136. doi:
10.1111/a.12229
Kravitz, H. M., Esty, M. L., Katz, R. S., and Fawcett, J. (2006). Treatment of
fibromyalgia syndrome using low-intensity neurofeedback with the flexyx
neurotherapy system: a randomized controlled clinical trial. J. Neurother. 10,
41–58. doi: 10.1300/J184v10n02_03
Lim, M., Roosink, M., Kim, J. S., Kim, H. W., Lee, E. B., Son, K. M., et al. (2016).
Augmented pain processing in primary and secondary somatosensory cortex in
fibromyalgia: a magnetoencephalography study using intra-epidermal electrical
stimulation. PLoS One 11:e0151776. doi: 10.1371/journal.pone.0151776
Lu, C., Yang, T., Zhao, H., Zhang, M., Meng, F., Fu, H., et al. (2016). Insular cortex
is critical for the perception, modulation, and chronification of pain. Neurosci.
Bull. 32, 191–201. doi: 10.1007/s12264-016-0016-y
Mayaud, L., Wu, H., Barthélemy, Q., Favennec, P., Delpierre, Y., Congedo, M.,
et al. (2019). Alpha-phase synchrony EEG training for multi-resistant chronic
low back pain patients: an open-label pilot study. Eur. Spine J. 28, 2487–2501.
doi: 10.1007/s00586-019-06051-9
McCracken, L. M. (1997). “Attention” to pain in persons with chronic pain: a
behavioral approach. Behav. Ther. 28, 271–284. doi: 10.1016/s0005-7894(97)
80047-0
McCracken, L. M., Zayfert, C., and Gross, R. T. (1992). The pain anxiety symptoms
scale: development and validation of a scale to measure fear of pain. Pain 50,
67–73. doi: 10.1016/0304-3959(92)90113-P
Melzack, R. (1975). The McGill Pain Questionnaire: major properties and scoring
methods. Pain 1, 277–299. doi: 10.1016/0304-3959(75)90044-5
Mohanty, R., Sinha, A. M., Remsik, A. B., Dodd, K. C., Young, B. M., Jacobson, T.,
et al. (2018). Early findings on functional connectivity correlates of behavioral
outcomes of brain-computer interface stroke rehabilitation using machine
learning. Front. Neurosci. 12:624. doi: 10.3389/fnins.2018.00624
Mueller, H. H., Donaldson, C. C., Nelson, D. V., and Layman, M. (2001). Treatment
of fibromyalgia incorporating EEG-Driven stimulation: a clinical outcomes
study. J. Clin. Psychol. 57, 933–952. doi: 10.1002/jclp.1060
Nelson, D. V., Bennett, R. M., Barkhuizen, A., Sexton, G. J., Jones, K. D., Esty,
M. L., et al. (2010). Neurotherapy of Fibromyalgia? Pain Med. 11, 912–919.
doi: 10.1111/j.1526-4637.2010.00862.x
Frontiers in Neuroscience | www.frontiersin.org 13 March 2020 | Volume 14 | Article 236
fnins-14-00236 March 17, 2020 Time: 16:37 # 14
Terrasa et al. Functional Changes and Neurofeedback in Fibromyalgia
Nicholson, A. A., Ros, T., Frewen, P. A., Densmore, M., Théberge, J., Kluetsch,
R. C., et al. (2016). Alpha oscillation neurofeedback modulates amygdala
complex connectivity and arousal in posttraumatic stress disorder. Neuroimage
Clin. 12, 506–516. doi: 10.1016/j.nicl.2016.07.006
Pfurtscheller, G., and Lopes da Silva, F. H. (1999). Event-related EEG/MEG
synchronization and desynchronization: basic principles. Clin. Neurophysiol.
110, 1842–1857. doi: 10.1016/s1388-2457(99)00141-8
Popescu, F., Fazli, S., Badower, Y., Blankertz, B., and Müller, K.-R. (2007). Single
trial classification of motor imagination using 6 dry EEG electrodes. PLoS One
2:e637. doi: 10.1371/journal.pone.0000637
Pujol, J., Macià, D., Garcia-Fontanals, A., Blanco-Hinojo, L., López-Solà, M.,
Garcia-Blanco, S., et al. (2014). The contribution of sensory system functional
connectivity reduction to clinical pain in fibromyalgia. Pain 155, 1492–1503.
doi: 10.1016/j.pain.2014.04.028
Roelofs, J., Goubert, L., Peters, M. L., Vlaeyen, J. W. S., and Crombez, G. (2004).
The Tampa Scale for Kinesiophobia: further examination of psychometric
properties in patients with chronic low back pain and fibromyalgia. Eur. J. Pain
8, 495–502. doi: 10.1016/j.ejpain.2003.11.016
Ros, T., Théberge, J., Frewen, P. A., Kluetsch, R., Densmore, M., Calhoun, V. D.,
et al. (2013). Mind over chatter: Plastic up-regulation of the fMRI salience
network directly after EEG neurofeedback. Neuroimage 65, 324–335. doi: 10.
1016/j.neuroimage.2012.09.046
Rosenstiel, A. K., and Keefe, F. J. (1983). The use of coping strategies in chronic
low back pain patients: relationship to patient characteristics and current
adjustment. Pain 17, 33–44. doi: 10.1016/0304-3959(83)90125-2
Santoro, M., and Cronan, T. (2014). A systematic review of neurofeedback as
a treatment for fibromyalgia syndrome symptoms. J. Musculoskelet. Pain 22,
286–300. doi: 10.3109/10582452.2014.883037
Schalk, G., McFarland, D. J., Hinterberger, T., Birbaumer, N., and Wolpaw, J. R.
(2004). BCI2000: a general-purpose brain-computer interface (BCI) system.
IEEE Trans. Biomed. Eng. 51, 1034–1043. doi: 10.1109/TBME.2004.827072
Seghier, M. L. (2013). The Angular Gyrus: multiple functions and multiple
subdivisions. Neuroscientist 19, 43–61. doi: 10.1177/1073858412440596
Sherbourne, C. D., and Stewart, A. L. (1991). The MOS social support survey. Soc.
Sci. Med. 32, 705–714. doi: 10.1016/0277-9536(91)90150-b
Spielberger, C. D., Gorsurch, R. L., and Lushene, R. E. (1970). The State-Trait
Anxiety Inventory (STAI): Test Manual. Palo Alto, CA: Consulting Psychologists
Press.
Terrasa, J. L., Alba, G., Cifre, I., Rey, B., Montoya, P., and Muñoz, M. A.
(2019). Power spectral density and functional connectivity changes due to
a sensorimotor neurofeedback training: a preliminary study. Neural Plast.
2019:7647204. doi: 10.1155/2019/7647204
Várkuti, B., Guan, C., Pan, Y., Phua, K. S., Ang, K. K., Kuah, C. W. K.,
et al. (2013). Resting state changes in functional connectivity correlate with
movement recovery for BCI and robot-assisted upper-extremity training after
stroke. Neurorehabil. Neural Repair 27, 53–62. doi: 10.1177/154596831244
5910
Vucˇkovic´, A., Altaleb, M. K. H., Fraser, M., McGeady, C., and Purcell, M. (2019).
EEG correlates of self-managed neurofeedback treatment of central neuropathic
pain in chronic spinal cord injury. Front. Neurosci. 13:762. doi: 10.3389/fnins.
2019.00762
Ware, J. E., and Sherbourne, C. D. (1992). The MOS 36-item short-form health
survey (SF-36). I. Conceptual framework and item selection. Med. Care 30,
473–483. doi: 10.1097/00005650-199206000-00002
Whitfield-Gabrieli, S., and Nieto-Castanon, A. (2012). Conn: a functional
connectivity toolbox for correlated and anticorrelated brain networks. Brain
Connect. 2, 125–141. doi: 10.1089/brain.2012.0073
Wolfe, F., Brähler, E., Hinz, A., and Häuser, W. (2013). Fibromyalgia prevalence,
somatic symptom reporting, and the dimensionality of polysymptomatic
distress: results from a survey of the general population. Arthritis Care Res. 65,
777–785. doi: 10.1002/acr.21931
Wolfe, F., Ross, K., Anderson, J., and Russell, I. J. (1995). Aspects of fibromyalgia
in the general population: sex, pain threshold, and fibromyalgia symptoms.
J. Rheumatol. 22, 151–156.
Wolfe, F., Smythe, H. A., Yunus, M. B., Bennett, R. M., Bombardier, C.,
Goldenberg, D. L., et al. (1990). The american college of rheumatology 1990
criteria for the classification of fibromyalgia. Arthritis Rheum. 33, 160–172.
doi: 10.1002/art.1780330203
Young, B. M., Nigogosyan, Z., Walton, L. M., Song, J., Nair, V. A., Grogan,
S. W., et al. (2014). Changes in functional brain organization and behavioral
correlations after rehabilitative therapy using a brain-computer interface. Front.
Neuroeng. 7:26. doi: 10.3389/fneng.2014.00026
Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.
Copyright © 2020 Terrasa, Barros-Loscertales, Montoya and Muñoz. This is an
open-access article distributed under the terms of the Creative Commons Attribution
License (CC BY). The use, distribution or reproduction in other forums is permitted,
provided the original author(s) and the copyright owner(s) are credited and that the
original publication in this journal is cited, in accordance with accepted academic
practice. No use, distribution or reproduction is permitted which does not comply
with these terms.
Frontiers in Neuroscience | www.frontiersin.org 14 March 2020 | Volume 14 | Article 236
